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Abstract

This study explores human behaviour and ethical concerns relatedto automated
Artificial Intelligence (AI) systems using a survey-based approach. AsBAI systems are
increasingly used in areas such as education, healthcare, employmént, and governance,
ethical issues like bias, transparency, accountability, privacygand human responsibility have
become more important. A structured questionnaire with 17 guestions was given to 106
participants, including students, educators, and working prefessionals who have basic

awareness of Al technologies.

The results show that 72.6% of respendents believe that automated Al systems
strongly influence human decision“making. Many participants (67%) feel that relying too
much on Al reduces human decisionsmaking skills and critical thinking. In addition, 64.2%
of respondents said that people feehless responsible when decisions are made by Al systems.
A large majority (78.3%) believe that users have a moral right to understand how Al systems
make decisions that affect them. More than half of the participants (61.3%) support the use of
Human-in-thesLoop (HITL) systems to ensure ethical outcomes. Concerns about fairness and
bias weresalso ommon, with 69.8% agreeing that reducing bias in Al requires continuous
human, involvement. Privacy was another major concern, as 74.5% of respondents believe

that largé-scale data collection by Al systems threatens individual privacy.

The study concludes that although automated Al systems can improve efficiency and
consistency, they also create serious ethical challenges. These challenges cannot be solved by
technology alone. Continuous human oversight, clear accountability, and ethical governance

are necessary to ensure that Al systems remain human-centred and responsible.
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Introduction

The rapid growth of Artificial Intelligence (AI) and automated technologies has
dramatically changed how decisions are made and actions are carried out in many areas of
life. Today, Al systems are commonly used in education, healthcare, finance, government,
hiring, surveillance, and online services, taking over tasks that people used to do themselves.
With the help of automation, we can process information faster, analyse huge amounts of
data, and make predictions more efficiently and consistently. But while these advances bring
many benefits, they also raise important concerns about how people behave and What is

considered ethical.

Automation in Al means that smart systems can do complicated’tasks on their own,
with little or no help from people. These tasks include learning new thingsymaking decisions,
and adapting to different situations. While automation makes things easier and more efficient,
it also changes how people work with technology andawhat their roles are. How people trust,
accept, or resist Al, and how they think about whatyis rightyer wrong, is really important in
deciding how these systems are made and uséd) The way people and organizations interact

with Al affects not just how well it works, butialso whether it is fair and ethical.

One of the central ethicalhchallenges associated with automated Al systems is
algorithmic bias. Al systems$ are often”trained on large datasets that may reflect existing
social inequalities, cultural assumptions, or historical discrimination. When these biases are
embedded in automatedydecision-making processes, they can lead to unfair, discriminatory,
or exclusionary outconies. Such risks are particularly concerning in high-stakes contexts,
such as educational assessment, hiring, credit allocation, and healthcare diagnostics, where
automated décisions can have a significant impact on human lives. Consequently, ethical
principles, such as fairness, non-discrimination, and justice have become essential

considerations in the governance of Al.

Transparency and explainability represent another critical ethical dimension of
automated Al systems. Many Al models, particularly those based on complex machine
learning and deep learning techniques, operate as “black boxes,” making it difficult for users
to understand how specific decisions are reached. This lack of transparency can erode trust,
limit accountability, and reduce users’ ability to challenge or contest automated outcomes.

From a human behavioural perspective, trust in Al systems is strongly influenced by the
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perceived transparency, reliability, and interpretability of automated decisions. Without
adequate explainability, users may either over-reliance on Al systems or reject them

altogether.

Accountability and responsibility in automated Al systems also pose significant
ethical challenges. As Al systems gain autonomy, questions arise regarding who should be
held responsible when automated decisions result in harm, error, or injustice. While Al
systems themselves cannot bear moral or legal responsibility, accountability must be'elearly
assigned to human actors, including developers, designers, institutions, and, pelieymakers.
The absence of well-defined accountability frameworks can lead to ethical ambiguity and

reduced public confidence in automated technologies.

Human behaviour in relation to automated Al systems 1s_further shaped by concerns
about privacy and data protection. Automated systemsgoften rely on extensive personal and
behavioural data to function effectively. The colle€tion,/ sterage, and processing of such data
raise ethical issues related to informed coefisent, sutveillance, and misuse of personal
information. Individuals’ willingness to éngage with Al systems is closely linked to their

perception of how safely and ethically’their data is handled.

Recognizing these challenges; global policy frameworks and ethical guidelines, such as those
proposed by UNESCO and national education policies, emphasize the importance of human-

centric and ethically governed Al.

Despite the growing body of theoretical and policy-oriented literature on Al ethics,
there remainS a need for empirical research that examines how individuals perceive and
respond_to cthical issues in automated Al systems. Understanding human behaviour,
attitudes, ,and ethical awareness is essential for designing Al systems that are not only
technologically advanced but also socially responsible and ethically sustainable. In this
context, the present study adopts a survey-based approach to explore human behaviour and
ethical considerations in automated Al systems, aiming to contribute empirical insights to the

ongoing discourse on responsible Al adoption.

In the context of education, the integration of automated Al systems has gained

significant importance following the introduction of the National Education Policy (NEP)
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2020 in India. NEP 2020 emphasizes the strategic use of technology to enhance access,
equity, quality, and accountability in education while explicitly advocating for a human-
centric and ethical approach to technological adoption. The policy recognizes the potential of
Al-driven automation in areas such as personalized learning, assessment, administrative
efficiency, and teacher support, while simultaneously cautioning against the risks of

excessive automation, bias, and loss of human judgment.

NEP 2020 underscores the necessity of maintaining ethical governance, data ptivacy,
transparency, and human oversight in Al-enabled educational systems. It positions; teachers
as facilitators and ethical mediators rather than passive users of technelogy, reinforcing the
principle that automation should augment not replace human deciSion-making. Within this
framework, understanding human behaviour, trust, and ethical perceptions’toward automated
Al systems becomes particularly relevant, as these factors directly“ififluence the successful
and responsible implementation of Al in education. Accordingly, the present study aligns
with the vision of NEP 2020 by examining himan sbehavioural responses and ethical

considerations associated with automated Al systems in educational contexts.

Objectives of the Study

The present study aims te”examine human behaviour and ethical concerns associated
with automated Artificial Intelligence (AT) systems through a survey-based approach. It seeks
to understand how automatedfAl systems influence human decision-making processes and
the extent to which {individuals rely on Al-generated recommendations. The study further
aims to analyse’ the ethical Challenges that arise from increasing automation, particularly in
relation to traditienal €thical frameworks, moral responsibility, and accountability when
automated ‘décisions lead to harm or negative outcomes. Another key objective is to
inyestigate the presence and impact of bias and discrimination in Al systems, especially with
respect toymarginalized or vulnerable groups. The study also focuses on understanding user
perceptions of transparency, explainability, and trust in Al-driven decision-making. In
addition, it examines the role of human intervention, or Human-in-the-Loop mechanisms, in
ensuring ethical outcomes in automated systems. The research explores the effects of over-
reliance on Al automation on human cognitive abilities, ethical judgment, and sense of
responsibility, along with concerns related to data privacy, surveillance, and personal

autonomy resulting from large-scale data collection. Finally, the study aims to identify the

Journal Website: shabdbrahm.cbpatelartscollege.edu.in Page | 225



E-ISSN: 3049 4230
SHABDBRAHM VOLUME 2z, ISSUE 1, APRIL 2026

most critical ethical challenges posed by automated Al systems to human behaviour across
cognitive, social, ethical, economic, and privacy dimensions, as perceived by the respondents.

Research Methodology

This study uses a descriptive, survey-based research approach to explore human
behaviour and ethical concerns related to automated Artificial Intelligence (Al) systems. A
quantitative method was used to collect data from respondents to understand theirgOpinions,

experiences, and perceptions of Al-driven automation and its ethical implications.

Population and Sample

The study targeted students, educators, researchers, and prefessionals who have some
awareness or experience with Al technologies. A convenience sampling method was used to
select respondents, as it allowed for easy access and quickeridata collection. A total of 106
respondents took part in the survey, providing a varietynof perspectives on Al and its ethical

challenges.

Research Instrument

Data were collected using 4 structured questionnaire designed for this study. It
included 17 questions, combining close-ended and opinion-based items. Most questions were
in a Yes / No / Your Opinion format, allowing respondents to agree, disagree, or share
personal views. The questionnaire focused on topics such as decision-making influence,
ethical challenges, biasjitranspatency, accountability, human-in-the-loop, trust, privacy, over-
reliance on Algand wider social impacts. One multiple-response question identified the most

important ethical'¢hallenges of Al systems.

Data Cellection Procedure

The survey was conducted online using Google Forms for easy distribution and
response collection. Participation was voluntary, and respondents were informed that the
survey was for academic research purposes. Confidentiality and anonymity were maintained,

and no personal information was collected.
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Ethical Considerations

Ethical standards were followed throughout the study. Informed consent was obtained
from all participants, who were assured of confidentiality, voluntary participation, and the
right to withdraw at any time. The study respected participants’ privacy and autonomy while

maintaining ethical research practices.

Literature Review:

Previous studies highlight that automated AI systems can improve efficien€y and
decision accuracy; however, they may also reinforce existing social biases 1fitrainéd on
biased data Floridi et al., 2018. Research emphasizes the importance” ofytransparency and

explainability to build trust among users Doshi-Velez & Kim, 2017,

Several scholars argue that excessive automation may redu€e human agency and
moral responsibility Coeckelbergh, 2020. Ethical Al frameworks proposed by UNESCO and
other global organizations stress human-centric AL, accountability, and respect for human
rights. Studies also indicate that user behaviouf,trust, and acceptance significantly influence

the success of Al adoption.

Despite growing researchy there remains a gap in empirical studies examining human
behaviour and ethical perceptions toward automated Al systems, particularly through survey-

based evidence.

Result & Discussion:
Question 1 and 2 were about name and the gender

3. Do adtomated Al systems significantly influence human decision-making processes?

3. 31 XqEIield Al Wonieral Aa FHofg-Fafor ufssarst & Heaqul U 3 gHIfad Rl
&

® Yes
® No

| don't know
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4. Does the increasing automation of Al systems challenge traditional ethical frameworks?
Example - 1 Automated decisions may not fit well with existing human-centred moral or

legal rules.

4. 7 AL YU § Sgdl WaTeH URURe Afde afel o At odT 82
JGTERUT - | T U HIS[Gl AMd-dhigd Afdd a1 ST FaHl & ¥4 -8l 8!

b |
® Yes
® No
a @ | don't know

5. Does bias mitigation in Al systems r tiJuous human intervention rather than

A

purely technical solutions?

5. 97 Al onferdl | gefara & OTT had de-id! AU & Fold fFRaR
Hﬂaﬂﬁsme?rqalqaqqa%

® Yes
® No
@ ldon't know

-

6. Do users have a moral right to understand how automated Al systems make decisions that

affect them?

6. T ITANTHaiSl BT I WaTerd Al ol & HgH &1 Afde HeR 8 S 37
TYTfad BRd 82
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® Yes
® No
@ I don't know

7. Does determining accountability become difficult when harm is caused by an automated

Al system?

Example: In the case of a self-driving car accident, it is unclear whether e lies with

the developer, manufacturer, user, or the Al system.

7. 7 XA Al WOTTE § 9 8 WR SuRaldd Heiid
3TeRUl; TEaTerd argd ghedl &t fUfd & g8 Wy Tal SaawR, fHf,

ST a1 Al YOI &1 3|
Qe

® Yes

® No

@ | don’t know
8. Should developer apmizations be held ethically responsible for the outcomes of Al
systems?
8. T Al K3 [ & 1T STAUY 3R W3l BT A T4 J TR 3=
NG

@ Yes

® No

@ May be
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9. Can over-reliance on automated Al systems reduce human decision-making skills?

9. T AT Al YUNTerdl TR 3fdies MR aa oy e &1 &8 & gl 82

® Yes
® No
@ | don't know

o )

10. Are Human-in-the-Loop (HITL) systems essential to ensure ethical

10. &7 Afd® A1 TR AT SR & 7T “Human-in-the-Lo

® Yes
® No
@ I don't know

11. Do humans tend to feel less respomsible’ for outcomes when decisions are made by Al

systems?

11. 1 919 (0fg A1 gorett ST &, T aRRomHt & i S SieR) 7egy
® Yes

P 87 ; v d
Ve
® No
ﬂ @ I don't know

12. Do people often over-trust Al recommendations even when they conflict with human

judgment?

12. T T SRR Al B FIBIREIN R i [y #3d g, 4l g1 3 ardrg Fofa 3
THIAT BI?
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® ves
® No

a @ I don't know

13. Does attributing human-like emotions or intentions to Al systems affect ethical
judgment?

13. T Al YUY b1 AGT HIGHTE a1 3R1¢ ST Afde Fofg &y

® Yes
® No
@ I don't know

14. Does the large-scale data collec 10 aired‘for Al systems pose serious risks to

individual privacy?

14. TGT AL UTTTeRAl & ﬁnﬁwéamw%mﬁﬁw%%nﬂm?

@ Yes
® No
@ | don't know

P

15. Can Al manipulate human behaviour and decision-making?

15. T Al 719 HFdER 3R Fufa} & g7 &R Ihdr g2
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® Yes
® No
@ ldon't know

16. Should ethical Al governance prioritise human values over efficiency and economic

benefits?

16. T AfdH AL T G&fdT 3R ST arH &t ga- § ArdIg Jei dl
ST 9Tfeu?

»

® Yes

® No
a @ I don't know

/7

17. In your opinion, what is the critical ethical challenge posed by automated Al
systems to human behaviour?
(You may select more tha: , if applicable.)

17. 31U UR, T Al T HTd aeR & ot Y8 Headqut Afae A

T I 22

@t B dl Uw 9 31fie fadhed g Tdhd g )
U i Mental Impact (Reduced critical thinking, over-reliance, psychological
dependenty on AT) HMRI® Td THIHD YHTT (AT A H HH, Al TR SAOH

e, amRyes ke

L] Ethical & Moral Judgment (Weakening of moral responsibility, ethical confusion,
diffusion of accountability) EICY Td Afae fAofg (ﬁ% fSTHeRY # &, Sardee! @l YH)

L1 Social & Behavioural Impact (Changes in social interaction, trust, empathy, and human

relationships)
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IR Td SIagIRe GHTd (QrHTors Tael, fayry ok Teryfa & ufvad)

L1 Economic Impact (Job displacement, skill erosion, inequality, economic dependency)
31ffeb THT RISHTR BT, SDIRIC &RUT, SRFHT)

L] Privacy & Autonomy (Loss of personal autonomy, surveillance, misuse of personal data)
TMY-taar Ud i (dfaaiTd Wdaar 3 o1, TR, ST geuan)

L1 Physical Safety & Well-being (Risks due to Al errors in healthcare, transportation, or
critical systems) QRIS YR&MT T HedTu (AT, URAE IT 30 HEaqu! TOMTRE Al
feai 4 shfem)

[ Bias, Discrimination & Fairness (Unfair treatment of individuals or groupsidueto biased

algorithms) U&UTd, HEHTd Td ST&fdT (G&UTdt THIINGH & HRUT S dgR)

Cognitive & Mental Impact (Re... 85 (80.2%)

Ethical & Moral Judgment (We... 46 (43.4%)

Social & Behavioural Impact (C... 48 (45.3%)
Economic Impact (Job displace... 53 (50%)
Privacy & Autonomy (Loss of p... 52 (49.1%)

Physical Safety & Well-being (...
Bias, Discrimination & Fairness... 48 (45.3%)

0 20 40 60 80 100

This research, examin€éd human behaviour and ethical concerns in automated Al
systems usingd@sample of 106 participants. The findings show that Al systems have a strong
influence 6n human,decision-making, with 72.6% of respondents agreeing that automated Al
significantly affects how people make decisions, while 17.9% disagreed. This aligns with the
work-0f'Glickman and Sharot (2024), who demonstrated through large-scale experiments that
repeated~interactions between humans and Al can create a feedback loop where existing
biases in Al systems are gradually amplified. Their research shows that humans often
internalize these biases over time, leading to increasingly biased judgments. Together, these
findings highlight how AI does not merely assist decision-making but actively shapes human

thinking and behaviour.
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The study also reveals growing ethical concerns surrounding automation. 62.3% of
respondents believe that increasing automation challenges traditional ethical frameworks, as
automated decisions may not always align with human moral and legal principles. This
concern reflects arguments made by Floridi et al. (2018), who emphasize that issues such as
accountability, fairness, and transparency are not adequately addressed by existing ethical
frameworks designed for human decision-making. As Al systems become more autonomous,
there is a clear need for updated, human-centred ethical guidelines. This concern is further
supported by 69.8% of respondents who believe that bias mitigation in Al systems réquires
continuous human intervention rather than purely technical solutions. Research byyBarocas,
Hardt, and Narayanan (2019) and Selbst et al. (2019) supports this views, arguing that Al
systems are sociotechnical in nature and that fairness cannot be aChieved without ongoing

human judgment, oversight, and contextual understanding.

Transparency and accountability also emerged as key ethical themes. A strong
majority (78.3%) believe that users have a moral4ight tesunderstand how Al systems make
decisions that affect them, reinforcing arguments for Explainable Al (XAI). Prior studies by
Doshi-Velez and Kim (2017) and Lima et al.(2022) argue that explainability is essential for
ethical and legal accountability. However, the results also show that 64.2% of respondents
feel accountability becomes unclearywhen harm is caused by automated Al systems. While
explanations may clarify how, decisions are made, they do not always clarify who is
responsible—whether developérs, organizations, or the system itself. This concern is echoed
by Lima et al. (2022)mwho watn that explainability can sometimes shift blame away from

human actors and reducé€ organizational responsibility.

Responsibility and over-reliance on Al were also significant concerns. 59.6% of
respondents believe that developers and organizations should be held ethically responsible for
Al outcomes, though prior research warns that explainable systems may unintentionally lead
people to treat Al as the responsible agent (Lima et al., 2022). Additionally, 67% of
respondents believe that over-reliance on Al reduces human decision-making skills, and
64.2% feel that humans tend to feel less responsible when decisions are made by Al This is
supported by findings on automation bias, where users overly trust Al systems even when
they are incorrect. In this study, 63.2% agreed that people often over-trust Al

recommendations, a pattern consistent with Parasuraman and Riley (1997) and Dietvorst,
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Simmons, and Massey (2015), who show that people frequently defer to automated systems

due to perceived objectivity and accuracy.

Human oversight remains a critical solution. 61.3% of respondents agree that Human-
in-the-Loop (HITL) systems are essential for ethical Al outcomes, while 21.7% were unsure,
likely due to limited understanding of HITL concepts. Prior research by Amershi et al. (2019)
and Holzinger (2016) emphasizes that human involvement provides moral judgment,
contextual awareness, and ethical oversight that automated systems lack. Similarly,63:2% of
respondents believe that attributing human-like emotions or intentions to Al afféets ethical
judgment. Research by Nass and Moon (2000), Waytz, Gray, and Epley (2010), and Darling
(2016) explains that anthropomorphism can distort ethical re@soniig by encouraging

misplaced trust, empathy, or moral responsibility toward Al systems.

Privacy and behavioural manipulation are also major ethical concerns. A large
majority (74.5%) believe that large-scale data colléction'bysAd systems poses serious privacy
risks. While Yang et al. (2024) show that*téchniques such as differential privacy and
synthetic data can reduce these risks, this study highlights the continued need for ethical
oversight and human responsibilitys Furthermore, 73.6% of respondents believe Al can
manipulate human behaviour and’deeision-making, reflecting strong public awareness of AI’s
influence. This supports calls for stronger ethical governance frameworks that prioritise
human values over efficiency.and economic benefits. In fact, 67% of respondents agreed that
fairness, transparenc{maecountability, and respect for human dignity should take priority in

Al governance,

Overall, the findings show that automated Al systems raise serious ethical concerns
acposs multiple dimensions of human behaviour. Respondents identified cognitive and mental
impacts, reduced critical thinking, weakened moral responsibility, privacy risks, economic
instability, physical safety, and bias as major challenges. These results strongly support the
need for continuous human oversight, clear accountability structures, and human-centred Al
governance to ensure that technological advancement does not come at the cost of ethical

responsibility and human well-being.
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Conclusion & Future work:

This research shows that Al strongly influences human decision-making and
behaviour, often shaping judgments, creating over-trust, and reducing a sense of personal
responsibility. The findings show that many people are worried about the ethical problems
caused by automated systems, especially bias, privacy issues, accountability, and loss of
human skills because of too much reliance on Al. The results show that there is an ongoing
conflict between explainability and accountability, because responsibility is often ghared or
unclear between the Al system, its developers, and the organizations. The study highlights the
importance of human-in-the-loop approaches to reduce bias, preserve ethieal judgment, and

maintain human skills.

Future research should focus on advancing human-centred Al gevernance, ensuring
that human dignity, ethical responsibility, and social well-bemng” are prioritized over
efficiency and economic gains. Studies could exploreaways to\strengthen human-in-the-loop
approaches, reduce over-trust in Al, and addréss aceountability challenges, providing

practical guidance for ethical Al development-and deployment.
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